Collecting occupation
and industry data in
cross-national surveys

Nicolas Bécuwe, llena Knop and Russell Castaneda

20 March 2024

verian /




Agenda

]. Challenges
2. Solution and Implementation

3. Quality of the database

Verian | Collecting occupation and industry data in cross-national surveys Confidential | 2



Challenges
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Post-coding traditional approach

« Collecting occupation and industry information has always been a challenge for social surveys and especially
for cross-national surveys as there are multiple employment situations and they are sometimes difficult to
compare between countries.

« The traditional approach to collect these information was to use open-ended questions and recode verbatims
using the ISCO-08 classification (International Standard Classification of Occupations) and NACE classification
(Statistical classification of economic activities).

« Recoding into these two classifications enable social researchers to have detailed information about the
respondents’ occupation and industry at a granular level but also at a global level since both classifications
work with groups and sub-groups: 4-digit level for ISCO and 3-digit level for NACE.

« These variables are therefore key for the data processing and weighting of surveys (especially those targeting
workers) and for the analysis of the results.

«  While the traditional post-coding approach has been widely used in cross-national surveys, there are many
challenges related to its use.
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Challenges to this approach 1/2

Cost and time

« The first challenge is that the coding of these verbatims is a costly and very long exercise especially when
dealing with several countries and large sample sizes.

* Indeed, it involves many coders who need to be well-tfrained to understand how to recode verbatims.

« This involves a long process of coding and processing the information before it can be fully integrated into the
dataset and used for weighting or analysis.

Accuracy

« There is a challenge here in the precision of the information provided by the respondents and in the
interpretation done by the coders.

« Respondents, especially when they answer a survey online without the presence of an interviewer, may be
too brief in their answers (for example answer only "teacher" instead of "primary school teacher” or "Vocational
education teacher’) or even worse not clear and provide ambiguous answers.

* Recoding also depends on the interpretation of coders and therefore is also prone to errors. A mitigation
measure is to do post-coding with double/triple coding approach, but it has strong costs implications too.
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Challenges to this approach 2/2

The increased use of online surveys

* Finally, with the development of online surveys, the absence of the interviewer and therefore the absence of
any conftrol on the information provided is another challenge.

« There is only little possibility to ensure that sufficient and clear information was provided.

« Mifigation measures can include instructions to provide sufficient detailed information and script can include
error messages when an answer is too short (based on the number of characters) but that is not always
sufficient to guarantee high quality verbatimes.

To tackle these challenges, Verian team has worked
from the database developed by SERISS to create
our own module to collect this information via pre-
coded lists.

This approach was used in the European Training and
Learning Survey conducted for Cedefop in 2023-2024.
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Solutions

The Verian tfeam went through the following steps to come-up with a self-coding solution
on the online mode

|dentification of
ISCO and NACE

Translation Scripting of
verification and keyword search
revision page

Back-end

classification recoding

structure
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Solutions

Identification of ISCO and NACE classification structure

A
Code [~
111000
111010
111020
111030
111080
111050
111060
111070
111080
111090
111200
111110
111120
111130
111200
111150
111160

Client Requirement: 4 digits of ISCO-08 and 2-digit
NACE rev 2 classifications for the occupation and
industry responses. :

Step 1: identify an existing classification system that can
output into the required granular classifications.

BEURURIB LS

SERISS offers cross-country databases of mapped
keywords for coding responses for questions often
used in socio-economic surveys.

* Each database has an equivalence column to convert
back to NACE (2-digits) and ISCO (4 digits) titles.
+ Added-value of SERISS database to ETLS:

+ Extensive codes (Wage Indicator database; ILO; NACE
documentation
« Availability in 47 language versions

Cross-country comparability
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Label Industry_AP1
Entertainment, culture, sports

Legal and market consultancy, business activities
ICT services

Trade, fuelling and repair of motor vehicles
Publishing. printing, media

Security, cleaning, homevork

Healthcare, caring services, social work, personal ser
Education, research

Public administration, police, interest groups.

Real estate, renting, call centres

Financial services, banking, insursnce
Transport,logistics, communication

Hospitality, catering. tourism

Retail trade

Wholesale

Construction, technical consultancy.

Waste treatment, sanitation, supply of electricity, 25
Manufacturing

Extraction, mining, quarrying

Agriculture, forestry, fishing

(Growing of crops, market gardening, horticulture
‘Growing offruit, nuts, beverage and spice crops.
Plant propagation

Support activities to agriculture and post-harvest cro|
Hunting,trapping and related service activities
Forestry and logging

Support services to forestry

Fishing.

Fish farming and fish related services

Mining of hard coal
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Solutions
Translation verification and revision

The keywords are crucial in self-classification. Hence,
the language should be accurate and consistent with
the source keyword.

Step 2. Verify and ensure that franslations are sound
and accurate to resonate with what people use to
describe the jobs or the industry where they belong.

« We sampled first 100 lines per language and asked
revisors to dry run a revision test

« We assessed the rate of errors revisions made

Output: revised translations of each of the industry and
occupation categories.
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Two treatments are shown for each language
version based on the finding of the translation
tests.

Finding Treatment

Good enough revision

Not so good Retranslate + revise
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Solutions
Scripting of keyword search page

Step 3. We scripted a search box that filters the list of
categories based on the first characters entered.

« The language version is aligned automatically with
the questionnaire language-country version.

« The respondent is asked to enter the first few
characters and the script filters the list being
displayed based on those first characters.

« The respondent selects the item that best describes
the industry or occupation where they belong.

 Live demo link
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What does your company or arganisation mainly make or do at your workplace, that is the local site where you work? Please type the first letters of the main activity of
your company or organisation and sefect the option that best describes the activity or sector.

Q | I ottt °

] Activities of head offices

l:) Activities of holding companies
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Solutions
Back-end recoding

Step 4. We recode all values SERISS APl codes into the
broader international industry and occupation
classification fitles (ISCO and NACE, respectively).

Q12_CAWI Sid

sElectrical

Q ] O_CAW| installation

(4321)

eInformation
technology
frainers
(2356)

*Specialised
construction
activities (43)

*Other
feaching
professionals
(235)

NACE]I ’(%?nSTrucﬁon

*Teaching
professionals
(23)

NACE_CAT [tcieiiing

*Professionals
ISCO1 |
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Quality of the
database
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Studies used to compare the quality of the database
ESJS2 versus ETLS

Second Skills and Job Survey (2019): European Training and Learning Survey (2024).

« Conducted on behalf of the European Centre for Conducted on behalf of the European Centre for
the Development of Vocational Training (CEDEFOP). the Development of Vocational Training (CEDEFOP).

« Carried out in the EU27, Norway and Iceland among Carried out in the EU27, Norway and Iceland among
46,000 workers. 44,500 workers.

« Used both online and RDD telephone methods. » Used both online (using our online probablitistics

. Traditional post-coding used to classify industry online panel PVOICE together with online access
(NACE) and occupation (ISCO). panels) and RDD telephone methods.

Traditional post-coding used to classify industry
(NACE) and occupation (ISCO) for CATI.

« Weighted results (including occupation and industry
variables), representative of workers within the EU27,
Norway and Iceland. :

« Database used to classify industry and occupation
2nd | for CAWI.

EUROPEAN
SKILLS AND
JOBS SURVEY
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https://www.cedefop.europa.eu/en/projects/european-skills-and-jobs-survey-esjs

Studies used to compare the quality of the database
ESJS2 vs ETLS

« The European Training and Learning Survey was first piloted in all 29 countries and Verian team checked
the distribution of the answers regarding occupation and industry.

« Then, after validating the approach via the pilot survey, Verian team conducted the main survey and
checked the quality of the verbatim based on the unweighted approach. Our initial conclusions are:

« The results are close to the weighted results of the 29 ESJS.
« There are small variations within the database that can be rectified using weighting.

The results provided with our database will be shown by
comparing the unweighted results of ETLS with the
weighted statistics obtained with the ESJS data
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Comparison of the database with classical post-coded data

Occupation —ISCO-08
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®ETLS (2023)
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Comparison of the database with classical post-coded data
Industry — NACE 2.0

Classical Post-Coding Database
ESJS2 (2019) - weighted ETLS (2023)
0% 0% .
% o o%-|o% m Agriculture or
Industry
m Services

Public Sector,
Education or
Health

m Other sector

m Don't know
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Comparison of the database with classical post-coded
Occupation by education

emeny o m e 17
occupations .
yereen@ ez
Classical Post-Coding
£5J52 (2019) - weighted semi-skiled [ o
skiled IR 7%
emenen . -
occupations .
yeee@ .
Database
HI (2029 semi-skiled I 2
siled I 29%

m Lower secondary education or below (ISCED 0-2)

B Upper secondary or post-secondary non-tertiary education
(ISCED 3-4)
Tertiary education (ISCED 5-8)
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Comparison of the database with classical post-coded data
Industry by education

Public sector, education or health _ 17%
e e e ces [
25%
ESJS2 (2019) - weighted services o
Public sector, education or health _ 16%

Database

ETLS (2023) Services 17%

Agriculture or industry 5%

m Lower secondary education or below (ISCED 0-2)
m Upper secondary or post-secondary non-tertiary education (ISCED 3-4)
Tertiary education (ISCED 5-8)
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Comparison of the database with classical post-coded data

Occupation by sector

Classical Post-Coding
ESJS2 (2019) - weighted

27%

17% 17%
15%
8%
6%
I 2 I]%
n m im - AC

Skilled Semi-skilled Manual Elementary
occupations

m Private sector
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m Public sector

Not-for-profit sector

Database
ETLS (2023)

17%
8% 8%
4%
2% .
N —

Semi-skilled Manual Elementary

occupations

m Other sector
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Comparison of the database with classical post-coded data

Industry by sector

Classical Post-Coding
ESJS2 (2019) - weighted

1%
22%
16%
6%
4% %
2%
Ham
| | -
Agriculture or Services Public sector,
industry education or health

M Private sector mPublic sector
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15%

2%

Database
ETLS (2023)

41%

0%

Agriculture or
industry

Not-for-profit sector

m Other sector

12%

Services

0%

20%

6%

Public sector,
education or health
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Comparison of the database with classical post-coded data

Occupation by income

Classical Post-Coding Database
ESJS2 (2019) - weighted ETLS (2023)

4 o e
14%
7% 6%
. l . &
FI
Skilled Semi-skilled Manual Elementary Skilled Semi-skilled Manual
occupations
m Under lowest quartile m Between lowest quartile and median

Between median and highest quartile  m Above highest quartile
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Elementary
occupations
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Comparison of the database with classical post-coded data
Industry by income

Classical Post-Coding Database
ESJS2 (2019) - weighted ETLS (2023)

- - -
_ -
5%

s
B B

Agriculture or Services Public sector, Agriculture or Services Public sector,
industry education or health industry education or health

m Under lowest quartile  mBetween lowest quartile and median Between median and highest quartile m Above highest quartile
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Comparison of the database with classical post-coded data
Occupation by gender

Elementary occupations

Manual
Classical Post-Coding
Skilled

Elementary occupations

Manual

Database
ETLS (2023) Semi-skilled
Skilled

B Man mEWoman
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Comparison of the database with classical post-coded data

Industry by gender

Public sector, education or health

Classical Post-Coding Services
ESJS2 (2019) - weighted

Agriculture or industry

Public sector, education or health

Database

ETLS (2023) Services

Agriculture or industry
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®EMan mWoman
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Final remarks
Using the databases for future cross-national surveys

« The use of the database represents a progress for the collection of information related to
occupation and industry as it reduces significantly time and costs and enable researchers to
access high-quality granular information on these key variables.

« Quality control of the whole implementation process is key. Special care needs to be taken before
using and programming these databases to ensure that they can be adequately used.

« These databases are suitable for online or face-to-face mode but not telephone as respondents
need to be in control of the information entered.
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Thank you!

Nicolas Bécuwe llena Knop

nicolas.becuwe@veriongroup.com llena.knop@veriangroup.com

: Powering decisions
Verlan that shape the world.
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